LEARN BY DOING

« CALPOLY

RPLIB and ‘Rankability’

Advisor: Dr. Paul Anderson

Students: Brandon Tat and Charlie Ward

Department of Computer Science and Software Engineering
California Polytechnic State University

data and features. (1) Real and artificial datasets
of both pairwise data (i.e., information about the
ranking of pairs of items) and feature data (i.e., a
vector of features about each item to be ranked).
These datasets range in size, application, and
source. (2) RPLIB contains code for the most
common ranking algorithms such as the linear

ordering optimization method and the Massey

Problem research community. Functionality
includes uploading datasets, processing data to a
proprietary standard format, running an
automated analysis and statistical summary of the
data for three different ranking algorithms,
downloading datasets uploaded by other users, and
searching for datasets. In tandem with this
application we developed tools for researchers to

run ranking algorithms on a given dataset, perform

Figure 3. An X* matrix generated from all possible
solutions of the Linear Ordering Problem (LOP) on

March Madness data
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Through this fellowship I’ve had the chance to gain

research experience, learn about the past,
current, and future of data science, connect with

faculty, and gain experience in teaching. Through

Brandon and I’s research, | co-authored a paper
and learned about the publication process as well
as best practices in technical authorship.
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as to what | want to learn more about. Through
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ranking solutions. A larger value indicates that the
ranking being done for higher ranked data is unfair
whilst a lower value indicates that there is likely
less error in the highly ranked data.

Figure 4. RankNet, a learning-to-rank algorithm and

its architecture

This fellowship really has been an invaluable
experience and has greatly informed the path |
hope to pursue professionally.



